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Air Transportation represents a very interesting example of a complex techno-social system
whose importance has considerably grown in time and whose management requires a careful understanding of the subtle interplay between technological infrastructure and human
behavior. Despite the competition with other transportation systems, a growth of air traffic is
still foreseen in Europe for the next years. The increase of traffic load could bring the current
Air Traffic Network above its capacity limits so that safety standards and performances
might not be guaranteed anymore. Lacking the possibility of a direct investigation of this
scenario, we resort to computer simulations in order to quantify the disruptive potential of an
increase in traffic load. To this end we model the Air Transportation system as a complex
dynamical network of flights controlled by humans who have to solve potentially dangerous
conflicts by redirecting aircraft trajectories. The model is driven and validated through historical data of flight schedules in a European national airspace. While correctly reproducing actual statistics of the Air Transportation system, e.g., the distribution of delays, the model
allows for theoretical predictions. Upon an increase of the traffic load injected in the system,
the model predicts a transition from a phase in which all conflicts can be successfully resolved, to a phase in which many conflicts cannot be resolved anymore. We highlight how
the current flight density of the Air Transportation system is well below the transition, provided that controllers make use of a special re-routing procedure. While the congestion transition displays a universal scaling behavior, its threshold depends on the conflict solving
strategy adopted. Finally, the generality of the modeling scheme introduced makes it a flexible general tool to simulate and control Air Transportation systems in realistic and
synthetic scenarios.

Introduction
Air transportation is one of the most important and fast ways of traveling in present days. The
possibility of connecting distant areas at relatively affordable cost, makes this transport the
best-suited for continental and inter-continental trips. Despite the competition with other
growing transportation systems, mainly high-speed railways, and the recent economical crisis
that reduced the overall load of traffic, an increase of air traffic demand over Europe and USA

PLOS ONE | DOI:10.1371/journal.pone.0125546 May 20, 2015

1 / 15

Congestion Transition in Air Traffic Networks

only the authors’ views. EUROCONTROL is not liable
for any use that may be made of the information
contained therein. EUROCONTROL had no role in
study design, data collection and analysis, decision to
publish, or preparation of the manuscript. SONY-CSL
only provided material support (not salaries) for one
of the authors, but did not have any additional role in
the study design, data collection and analysis,
decision to publish, or preparation of the manuscript.
The authors are not employed by SONY-CSL.
Competing Interests: Coauthor Vittorio Loreto is
affiliated with SONY-CSL. SONY-CSL provided
material support for this study. There are no patents,
products in development or marketed products to
declare. This does not alter the authors’ adherence to
all the PLOS ONE policies on sharing data
and materials.

is foreseen in the coming years [1, 2]. This increase of traffic load could bring the current Air
Traffic Management (ATM) system over its capacity limits, so that safety and performance of
every flight could not be guaranteed anymore. Even in the present situation dangerous safety
occurrences are not unlikely to happen even though they are very rare events. EUROCONTROL [3], an international organization composed of Member States of the European Region
dealing with almost every aspect of air traffic management, in its annual report in 2012 estimated about 110 safety occurrences per million flight hours in 2011 within the European Airspace
[4] with an increase of 12% with respect to the previous year. Without any doubts, a better understanding of the limits and criticality of the current ATM is needed in order to design new
airspaces capable of sustaining the increase in traffic load.
Air Transportation is a paramount example of an increasingly interconnected techno-social
system [5] that requires a strong interoperability of the technological infrastructure with a
human and social component. The direct evaluation of the impact of a traffic load increase is of
course not feasible for such a system and the only way to explore different scenarios and characterize different development schemes is to resort to theoretical modeling and data-driven
simulations. This is nowadays possible thanks to the availability of huge amount of data on
which suitably devised computational and modeling schemes can be based. Concepts borrowed
from Complex Systems science have been successfully applied in many areas far from traditional physics. Many biological and techno-social systems have been successfully studied and
modeled within this framework. Folding proteins [6], social dynamics [7], jamming in vehicular [8, 9] and pedestrian traffic [10, 11] are just some of the many examples of phenomena that
have been studied. One of the most recent and successful application of the data-driven modeling approach is the study of epidemic spreading [12–15]. In this process air transportation
plays an important role, allowing the infection to spread across distant locations [16]. In the
field of transportation systems, many efforts have been devoted to investigate the emergence of
finite capacity limits. The Nagel-Schreckenberg model [9] is the most popular model describing vehicular traffic flows that presents a phase transition from a state in which all cars move at
high velocity, to a jammed state in which no car can move. Similar models have been developed
also for the air traffic, studying phase transitions [17], percolation effects [18, 19], delay propagation [20, 21] and network resilience under random failures [22]. Despite the increasing interest in this subject, no models aiming at describing the ATM system at the level of the
trajectories of the single aircraft and their geographical structure have been developed so far,
except for a limited part of the airspace [23].
In this paper we present a model of air traffic system at the level of the aircraft trajectories.
In our model, the air traffic is regulated by artificial controllers mimicking the real ones of the
Air Traffic Control (ATC) system. Their action consists in a dynamical rewiring of the air traffic network over which aircraft are flying. In this sense, the system can be seen as a diffusion
dynamics over a dynamical network, which can be locally reshaped when particular traffic conditions occur. Such kind of dynamical networks have been already approached in the literature
and appear in very different contexts, from the study of the resilience of the Internet structure
[24, 25], to the functional aspects of brain [26]. A general modeling scheme based on suitable
communication protocols has been proposed recently to achieve self-healing network structures, i.e., networks that are capable of rerouting the information flow to overcome random or
intentional failures [27]. The action of air controllers is similar in behavior to such communication protocols, whereas controllers can rewire the air transportation network in real time.
The current ATM system has a very complex and multi-layered structure. Each national airspace is divided in three-dimensional volumes called sectors in which controllers take actions
to avoid the occurrence of safety events. Inside each sector, aircraft are supposed to fly according to planned trajectories that follow predefined airways connecting some geographical
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Fig 1. Typical structure of a national airspace and phases of a flight. (a) Navigation point network in the Italian Airspace. White nodes are navigation
points, red nodes are Airports. (b) Two-dimensional projection of the sectors in the Italian Airspace during one typical day of operation (sector structures may
change depending on traffic load). (c) Phases of a flight: the time line at the bottom indicates the phases of route where the delays δtdep at departure and δtenr
during flight, are generated.
doi:10.1371/journal.pone.0125546.g001

references called navigation points. As an example, Fig 1 displays the structure of the Italian
Airspace both at the level of the navigation points and airways, and at the level of the sectors
into which it is divided. The existence of airways is an heritage from the past, since nowadays
controllers are helped by advanced technological instruments in their monitoring action. Since
the planned trajectories do not take into account the possibility of conflicts with other aircraft
and the occurrence of bad weather conditions, the controllers usually have to re-route the aircraft in real time to prevent these risky situations. In fact, they are able to perform the re-routings necessary to provide safety without following the preexisting airways. Their action can be
seen as a process of temporary link creation over the network of navigation points, making the
structure of such network highly dynamical. Since the proper functioning of the ATC is highly
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affected by human behavior, it is important to investigate and understand the action performed
by controllers in their management activity. For this reason our model simulates, in a stylized
way, various strategies of conflict resolution between aircraft used by controllers to prevent
safety infringements. We found that as the traffic load increases, the system undergoes a transition from a phase in which all the conflicts between aircraft are resolved to a phase in which
many are not resolved anymore. This phenomenon occurs despite the strategy of conflict resolution chosen and indicates that the current ATM system has an intrinsic capacity limit due to
the local optimization process performed by controllers. Moreover, we find that the scaling
properties of the transition depend on the particular topology used to model the airspace, indicating that the interplay between the topological properties of the network and the action of
the controllers can influence the capacity of the system.
Such a situation of air traffic volumes near the transition is hard to achieve in current air
spaces. It might be possible that in response to exceptional events (e.g., sudden airport closures
or natural disasters) [28] the system could locally reach a state with very high local aircraft densities, but the capacity constraints presently agreed in the ATM system make such global unsafe
high traffic loads impossible to reach. This prevents us from validating the model by means of
actual data close to the transition. Nevertheless, historical flight data can be used to compare
the effects of the real ATC on the trajectories of the aircraft to those resulting from simulations
performed with our model. In fact, we validate our model by simulating seven full day schedules of flights in the Italian national airspace, by comparing the statistics related to the metrics
of the single trajectories and by quantifying the topological changes performed by the ATC
over the air transport complex network. The agreement between the model and the measured
statistical quantities indicates that the model has a good predictive power and that it can be
used as a proxy to study the behavior of the ATC in the usual condition of normal traffic or
give sufficiently reliable hints in case of dangerous high traffic load. With these premises in
mind, we show that the current airspaces lie below the transition provided that controllers
keep using a particularly demanding technique of redirection (the direct assignments).

Materials and Methods
The data set
The structure of the European Airspace is multi-layered [29], since each national airspace is
further subdivided in sectors which in turn group together a certain number of navigation
points and airways. In order to study and reproduce this structure, we used information extracted from a database developed within the ELSA project [30]. The database stores data coming from the Demand Data Repository (DDR) [31], which are property of EUROCONTROL,
but can be accessed for research purposes on request.
The data includes all the trajectories of civilian and commercial flights that have crossed the
European Airspace in the year 2011. There are two kinds of trajectories stored for each flight:
the last filed flight plans and the radar updated trajectories.
Last filed flight plans are submitted by the air companies to the Central Flow Management
Unit from six months to an hour before the departure of the flight and are the result of the
planning process and agreement between these two actors. Instead, the radar updated trajectories are the trajectories that aircraft actually follow after the take off. Both the last filed flight
plan and the radar updated trajectory consist of a sequence of geographical coordinates with
the time and the height (called flight level) at which the aircraft is supposed to cross or really
crosses them. Once again, we stress that the last filed flight plans usually do not coincide with
the actual trajectory flown. The data delivered by EUROCONTROL are characterized by a variable temporal sample rate of aircraft trajectories, with an average value of about two minutes.
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Since, as a matter of definition, a conflict occurs when at least two aircraft are closer than 5
Nautical Miles (1 NM = 1.852 km) in the horizontal direction and 1000 feet (1 ft  300 m) in
the vertical direction, the typical time duration of a conflict is about 1 minute considering that
the average speed of an aircraft with respect to the ground is about 800 km/h. Thus, the temporal resolution of the data set is not sufficient to spot the possible losses of separation between
couples of aircraft, which can be expected to be many in the planned data and very few in the
radar updated trajectories. In this paper we will consider all the scheduled flights in Europe
from the 8th of June to the 21st of June 2011. Another needed source of information is about
the structure of the airspace (i.e., the structure of the sectors inside national airspaces) in each
considered day. Such structure may vary according to the traffic demand, since almost every
original sector can be split in two or more distinct ones in order to keep the workload assigned
to controllers below a certain limit. By using additional data stored into the database, we can in
principle extract the shape and boundaries of all the national airspaces and their sectors for
every hour of the day, whereas for simplicity we assume that the structure is fixed at the beginning of the day and that it cannot be dynamically reshaped during the operations.

Results
Delays
Let us start our analysis by focusing on the issue of delays. Flight delays are one the primary
concerns of the various actors involved in ATM. On one side, delays can damage companies by
increasing their costs and can make them miss arrival or departure slots at the airports, on the
other, delays can create congestions and unbalances of the traffic load, which controllers have
to cope with, and increase the emissions of CO2 due to attempts to recover from them. With
the data set at our disposal, we can measure the delay δttot of each flight as the difference between the arrival time in the flight plan and in the radar updated trajectory, i.e. the real experienced delay. This delay takes into account all possible sources of delay gathered during all
flight phases that we summarize in Fig 1c. We can also measure the departure delay δtdep as the
difference between the planned departure times and the actual one. We define the difference
δtenr = δttot − δtdep as the en-route delay, i.e. the delay generated between the take off and the arrival phase of the aircraft. The histogram of δtenr displayed in Fig 2a shows the action of the
controllers on the flights. In case of no safety infringements or other external events, this histogram would be highly peaked around the null value. On the contrary, we find that it is still
peaked around that value, but it also shows two non negligible tails for negative and positive
values of delay with an unbalance toward the negative ones. These tails are the result of the action of controllers who can speed up and delay an aircraft in order to avoid safety events or adverse weather conditions. For example, a large positive en-route delay could be generated after
a redirection of an aircraft far from its planned route due to a large weather front that prevents
it from following its original path, while negative delays can be generated by controllers trying
to shorten the aircraft trajectories in order to decrease the amount of traffic inside the sector
they have to manage. The histograms of δttot and δtdep look quite similar to one another, indicating that the delay acquired at departure time is the main contribution to the total delay. Interestingly, δtenr and δtdep are uncorrelated (see Figure B in S1 File), indicating that controllers
either are not aware or do not take into account the delay at departure during their management activity and consequently would not try to reduce it.

Network Analysis
The topological structure of the trajectories in a National Airspace can be recovered by our
data set by building a Navigation Point Network (NPN). The topology of such network has
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Fig 2. Global effects of the Air Traffic Control (ATC) activity. (a) Histograms of the total, departure and en-route delays for all the aircraft that have
crossed the Italian Airspace in the period covered by our data set. (b) Inverse cumulative distribution of the strength of the nodes of the planned and real
European navigation point network built by aggregating all the trajectories in the data set.
doi:10.1371/journal.pone.0125546.g002

been already studied in the case of the Chinese Airspace [32] and recently in the European Airspace [33], using a similar dataset provided by EUROCONTROL [3]. This network is built by
using the fixed geographical references as nodes and by linking them if at least an aircraft flew
from one to another in the considered period of time. Since we have two sorts of trajectories, it
is possible to build two different networks: a planned NPN, built with the last filed flight plans,
and a real NPN built with the actual radar updated trajectories. We point out here that, during
the planning session, the actual airways are mostly taken into account so that the study of the
last filed flight plans gives hints on the real airway structure, while the real navigation point
network dynamically created by controllers during their management action may differ substantially from the airway structure.
We consider weighted networks with two possible natural ways to weight the links, i.e., by
using either the geographical distance between nodes or the number of aircraft that flew from a
node to another in the considered period. In the latter case the strength of a node (the sum of
the weights of the links connected to it) coincides with its traffic load. Thus, the difference between the strength of a node in the planned and real case shows how the traffic load is redistributed over the network by controllers. Fig 2b shows the inverse cumulative distributions of the
strength of the nodes for the planned and real NPNs for the whole European Airspace. These
distributions have similar exponential-like profiles, though in the real case there are fewer
nodes with high load. Practically, the action of controllers results in a redistribution of the traffic load from highly trafficked nodes to lower trafficked ones, making the network more homogeneous in the real case than in the planned one. The distributions of strength are qualitatively
similar and the values of strength of the single nodes in the two networks are well correlated
(see Figure D in S1 File). This indicates, as expected, that the ATC does not produce global rearrangements of traffic load in the airspace, but just small variations in response to local disturbances such as adverse weather conditions or aircraft separation losses.
The results of the analysis of the delays and the navigation point networks are particularly
robust in time and space, meaning that considering a smaller portion of the airspace and a
shorter period of time would not change them significantly. Further details can be found in
Section A of the Supporting Information S1 File.
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Fig 3. Conflict avoidance strategies. (a) Redirection of aircraft towards nodes inside the current sector, depicted in pink color (IN Strategy); (b) Redirection
towards nodes inside nearby sectors (OUT Strategy); (c) Possible redirections towards nodes in the sector that do not belong to the navigation point network
(Vectoring). The node highlighted with a red cross is the conflicted node towards which the aircraft is supposed to fly according to its flight plan.
doi:10.1371/journal.pone.0125546.g003

Modeling the ATC
In our model, each aircraft moves on a NPN according to a flight plan made up of a sequence
of navigation points to be crossed. These flight plans can be either selected from the historical
data extracted from our data set or artificially defined according to some predefined criteria
(e.g., the simplest definition of a flight plan is the shortest path connecting the arrival and the
destination of the aircraft). The process of redirection made by the controllers is modeled as a
local search algorithm applied to the nodes of the NPN. Every redirection performed by the
ATC can create a new temporary link connecting two previously unconnected nodes that will
be traveled by the redirected aircraft.
The current safety standards state that two aircraft must never come closer than 5 NM in
the horizontal direction and 1000 ft in the vertical direction. Whenever these two conditions
are violated, the aircraft are considered under-separated and a conflict occurs. We would like to
model the ATC so to focus only on the en-route phase of the flight, disregarding the taxi, climb
and descent phases. Moreover, without being too far from reality, we assume that all aircraft fly
at the same constant speed of 800 km/h, so that by neglecting the relatively small vertical component of the flights, we can turn the spatial separation into a temporal one.
We introduce three strategies of conflict resolution, inspired by the real actions that controllers perform to manage air traffic, i.e., the IN, OUT and vectoring strategies depicted in Fig 3.
We combine these strategies into three different protocols in order to test their effectiveness in
case of high traffic. We call the protocols as IN-OUT, OUT-IN and vectoring-OUT according
to the composing strategies and their order of application. In the simulation of the real Italian
airspace we used the IN-OUT protocol (see below for more details), which in fact, is the most
used by controllers since it requires the least effort, and disregarded the other two. Although
the vectoring strategy allows more freedom since controllers redirect aircraft towards any geographical point of the sector, it is the least used because it forces controllers to follow the aircraft singularly in a more detailed way. We considered these strategies as defined over a twodimensional space, in which the vertical component of the flights is neglected, though vertical
deviations can be easily accounted for (see Supporting Information S1 File). In case all strategies of conflict resolution at disposal fail to solve a conflict, the conflict simply occurs without
affecting the trajectory of the aircraft. All the strategies and the conditions for loss of separation
are discussed in detail in Section B of the Supporting Information S1 File. Note that even
though all these results are related to the Italian Airspace, similar simulations can be easily performed in every European Airspace. See [34] for simulation in the Estonian and Greek
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Airspace, which correspond to the case in which the airspace is small and the boundaries are
relevant and the case in which the airspace is at the boundary of the whole European Airspace.

Data-driven Modeling
By using a data-driven approach we set up a simulation in the Italian Airspace in which flight
schedules are real schedules extracted from the data set. Besides the already mentioned IN,
OUT and vectoring strategies used by controllers to solve conflict situations, we introduce two
more ingredients mimicking the real behavior of controllers, i.e., the direct assignments and sector capacities. A direct assignment is a maneuver a controller may perform to speed up the traffic and reduce his workload. It is performed by sending an aircraft to a nearby sector, i.e. it
relies on an OUT procedure, and requires the coordination of the controllers in the two sectors
involved. Although very similar, it differs from an OUT strategy, which is only used to solve
conflicts. In our model we simulate the direct assignments by considering a sector dependent
probability pdirect deduced from our data set, so that each time an aircraft crosses a navigation
point in its flight plan, it can be directed towards a nearby sector with such probability. This
kind of redirection occurs only if it shortens the trajectory of the aircraft allowing it to arrive at
destination earlier. Further, in the real-world ATC, each sector has an assigned capacity, i.e., an
assigned maximum number of flying aircraft per hour that can fly through it. To prevent the
possibility of getting very high traffic loads inside a sector, these capacities must not be exceeded during both the planning phase and the management activity of the controllers. In the
simulation, sector capacities are taken always into account so that no redirection that would exceed the capacity limits is accepted.
In summary, the simulation of the Italian airspace runs as follows: when an aircraft leaves a
node and heads towards the next one the controller chooses among the following strategies in
order of importance: (i) with a sector dependent probability pdirect he assigns a direct, but only
in case that it shortens the flight and does not cause a conflict; (ii) if the direct is not assigned
the controller checks whether in the next node a conflict would arise; if not, the aircraft proceeds to the planned node otherwise (iii) the controller chooses first the IN strategy and if it
does not succeed, the OUT strategy (i.e., the IN-OUT protocol). More information on the direct assignment and on sector capacity constraints can be found in Section C of the Supporting
Information S1 File. If all these strategies fail, the aircraft goes on straight to the next node, a
conflict arises and is recorded.
Finally, since the vertical component of the flights cannot be disregarded in a realistic case,
we assigned to each aircraft a desired flight level (also inferred from the data set) and allowed
small vertical deviations from it. Details on the setup of the simulations used as validation can
be found in Section C of the Supporting Information S1 File. The first check performed is that
no conflicts are generated in any of the validating simulations done. This is a fundamental condition to assure that the model is reproducing correctly the real situation, where the very few
conflicts recorded do not stem from the ATC management. In Fig 4, we show the value of traffic load, above which the system is not able to solve conflicts, with the same protocol used for
the validation (dotted red line) and compared it to the actual traffic load inferred from data.
We found that the daily traffic load lies below this threshold provided that the direct assignment procedure is also used.
As a coarse grained measure of agreement between the simulations and the data set, we
compare the distributions of degree, strength and betweenness centrality of the nodes generated by the simulation with the corresponding quantities of the planned and real NPN. In this
way, i.e. by aggregating the temporary links created by the ATC in a final static network, we are
able to compare the topology and the traffic deployment before and after the action of the
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Fig 4. Comparison of actual traffic density with theoretical conflict thresholds. Average number of flying aircraft per second for various days of the
dataset in the Italian Airspace. The different curves correspond to different flight levels and their maxima are attained during weekends. The black horizontal
dotted line is the estimated threshold value above which the conflict phase emerge with the IN-OUT protocol integrated with flight level changes. The red
horizontal dotted line is the threshold with the same IN-OUT protocol with FL changes enriched with the direct assignment procedure.
doi:10.1371/journal.pone.0125546.g004

ATC. We find a good agreement between the distributions obtained by the simulation and
those of the data set. If we take the values of degree, strength and betweenness of the planned
network as a reference, we find also a good correlation between the real network and the simulated one, indicating that the model is performing rather well (see Table C in S1 File). Further,
we compared the statistics of the single trajectories by measuring their en-route delays, their
variation in length and in number of crossed navigation points. While for the last two we find a
good agreement between data and simulations, the en-route delay distributions are quite dissimilar (Fig 5). In fact, since redirections are the result of an optimization process, they are likely to produce negative delays instead of positive ones. To reproduce correctly the behavior of
the en-route delay distribution, a random external effect affecting the action of the controllers
has to be introduced. The ATM system is far from being isolated, since adverse occurrences
like bad weather conditions affect the system on a daily basis, and it is already proven that introducing external disturbances can improve the predictive power of an ATM model [35].
Therefore, we introduce in the model some external disturbances as delay generating perturbed
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Fig 5. Comparison between the distributions of the en-route delays from data set and simulations. (a) Simulation without external disturbances. (b)
Simulation with next = 200 external disturbances. (c) Simulation with next = 2000 external disturbances.
doi:10.1371/journal.pone.0125546.g005

areas. The number of such external disturbances, next, is the only free parameter used in
our simulation.
From our data we have no clues on the typical number of disturbances during the day therefore we analyzed the response of the model to various values of next. We find that all the measures of topological variation in the NPN and the variations of length and crossed navigation
points of the trajectories depend slightly on next, while the shape of the distribution of the delays δtenr is very sensitive to it. In Fig 5 it is shown that with a relatively small number of disturbances ( 200) the agreement improves, while with a higher number ( 2000) the agreement
is not recovered.

High traffic transition in Synthetic and Realistic Airspaces
Since the model is able to reproduce the action of the controllers in a realistic way, our idea is
to use it to study the behavior of the ATC in unusual conditions. In particular, we inject an artificial growing traffic load into the airspace and study the effect of the protocols of
conflict resolution.
As already mentioned, we defined three protocols (IN-OUT, OUT-IN, vectoring-OUT)
composed by a main strategy and a backup strategy. Whenever an aircraft has to be rerouted to
solve a conflict the main strategy is used and if it fails, i.e., if no available nodes are found, the
backup is used. This assures that the main strategy is mostly used, thus allowing to study its effects individually. Since we aim at increasing the traffic far beyond the actual limits, no capacity
limits are assigned to the sectors and no direct assignment is used in these simulations. Moreover, we do not use a 24 hour schedule as before, rather shorter schedules of a fixed number of
naircraft aircraft departing in a time frame of 2 hours. Since both the departure time and the
flight plan of each aircraft are randomly assigned, we calculated the quantities of interest as an
average over 10,000 realizations.
We first perform the simulations of traffic growth on a synthetic airspace with periodic
boundary conditions. This airspace is embedded on a sphere of fixed radius R and its navigation points are built by means of a Fibonacci Grid [36], based on the Fibonacci recursion. The
NPN is then built by triangulating the points of the grid, so that in the end we obtain a lattice
with coordination number six (Fig 6). Some of the nodes are randomly chosen as airports,
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Fig 6. Synthetic boundary-free airspace. Representation of a synthetic airspace, built by using a Fibonacci
Grid on a sphere.
doi:10.1371/journal.pone.0125546.g006

which are the starting and ending points of aircraft trajectories, and the surface of the sphere is
divided into sectors. We keep the proportion between the surface of the airspace, its navigation
points, its number of airports and its number of sectors as close as possible to real airspaces.
Such artificial airspace minimizes the finite-size effects due to the absence of a border that
could reduce the rerouting possibilities for aircraft flying close to it.
For these airspaces we find a transition from a phase in which all the conflicts are solved to
a phase in which many are not. The control parameter of this transition is the average number
of flying aircraft per unit time, while the average number of conflicts nc per realization can represent the order parameter (Fig 7a). In fact, the value of nc is 0 in the conflict-free phase and
starts growing as a power-law with exponent approximately 3.6 immediately above the transition. We find that the transition threshold scales approximately as N0.40, where N is the number
of navigation points in the airspace, airports included.
We find similar results in case of realistic national airspaces, built with our data set (a description of the effects of the boundaries and the way we deal with them can be found in Section B of the Supporting Information S1 File). In particular, we find a similar transition as the
traffic load increases with the shape of the transition not changing from the previous case (Fig
7c). In fact, the average number of conflicts still grows as a power-law above the transition and
the exponent of this growth is approximately 4.5 right after the transition point. With respect
to the previous case, the transition threshold scales slightly differently, approximately as N0.43.
This indicates that, while the topology of the airspace and the way the traffic is deployed on it
does not affect the qualitative behavior of the transition, they affect the way in which the
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Fig 7. Transition in synthetic and national airspaces. (a) Transition for the IN-OUT protocol in the synthetic airspaces with N = 185, N = 371 and N = 779.
(b) Transition for the IN-OUT, Vectoring, IN-OUT with vertical deviations and IN-OUT with vertical deviations and direct assignment in the Estonian airspace.
(c) Transition for the IN-OUT protocol in the Estonian, Greek and Italian National Airspaces. (d) Scaling property of the transition for the IN-OUT protocol in
the synthetic and real airspaces; in the case of the synthetic airspace the horizontal axis has been rescaled by N0.40, while in the real airspace by N0.43.
doi:10.1371/journal.pone.0125546.g007

transition scales with the size of the system. The scaling behavior of the transition threshold
does not depend on the protocols used by controllers and is only related to the topology of
the system.
On the contrary, different protocols do affect the power-law exponent of the number of conflicts above the transition (Fig 7b). For the protocols with only the IN and OUT strategy the exponent of the curve is close to 4.5. This exponent lowers to 3.7 by introducing flight level
changes while it drops to 2.7 by implementing the vectoring strategy. However, the transition
point, i.e., the traffic load at which the first conflicts are observed does not seem to vary. The
decrease of the exponent of the power-law of the number of conflicts above the transition is a
natural effect due to the increased possibility of resolving the conflicts by enhancing the strategy repertoire. In particular, the vectoring strategy allows to redirect flights towards any point of
the map and enlarges considerably the search space of conflict resolution. Fig 7b also shows the
transition curve for the protocol used in Section 1 for the validation of the model.
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Discussion
In this paper we analyzed with the tools of statistical physics, the activity of air traffic controllers, who dynamically address the trajectories of aircraft in real time. In addition, we propose a
data-driven model that mimics the action of the air traffic controllers by introducing several
strategies of conflict resolution in the form of local search processes over the nodes of a navigation point network. These processes modify the network structure by creating temporary links
over which aircraft can travel to avoid risky situations, so that the network is dynamically modified to solve conflicts generated by high local traffic patterns. The model has been developed
and tested within the European Airspace, but it can easily extended to national airspaces belonging to other continents and could help to identify functional differences between them. We
validate the model by simulating full daily schedules of flights in the Italian Airspace based on
the actual planned trajectories, which become real trajectories after controllers action. All the
distributions and the topological changes occurring in the Italian navigation point network are
reproduced by the model, with the only exception of the distribution of the en-route delays. To
increase the agreement in this case, we introduce disturbances in the model in the form of perturbed delay-generating areas that the aircraft can avoid or fly through. The model presented is
very general. In this paper we tested it only on the Italian airspace, although we expect the
same qualitative results on any national European airspace and on any part of the US airspace.
We also investigated our model predictions when the traffic load injected in the system varies. This is highly relevant in view of the foreseen growth of Air Traffic in the next few years.
The most important outcome of these studies is the identification of a transition in the system
from a conflict-free phase where all conflicts are successfully resolved to a phase where conflicts
cannot be resolved anymore. It is interesting to observe that, based on the flight density at present days, one gets that the current Air Transport system lies well below the transition, though
only if controllers employ the special redirection procedure, dubbed direct assignments, consisting in rerouting an aircraft to a nearby sector through a coordination of the controllers in
the two sectors involved. The existence of the transition has been initially predicted in a simplified and synthetic airspace with periodic boundary conditions, properly arranged in order to
eliminate boundary effects, and then extended to realistic airspaces. The shape of the transition
is strategy-dependent but not airspace-dependent, meaning that the same strategy in different
airspaces generates the same curve for the transition. This behavior indicates that, despite the
management strategy chosen, the system will eventually overcome its capacity limits as the
traffic increases. With sufficiently high traffic loads the local optimization process performed
by the controllers will start to fail, generating losses of aircraft separation due to high local densities and to the resulting lack of rerouting options. All the defined management strategies are
able to reproduce some of the effects of the ATC activity, but thanks to the modular structure
of the model, possible refinements could be introduced to further improve realism. A lookahead time for conflict resolution, sector dependent management strategies and human errors
are just some examples of the many possible ingredients that could be implemented and studied. Moreover, the new framework introduced is suited to study and understand the weakness
of the current ATM system by simulating and studying its reaction to severe
adverse occurrences.
In summary our modeling scheme, built and tested using historical data of the current
ATM system, represents a very flexible and modular tool for studies about the performances
and the capacity of ATM systems under future scenarios, like the SESAR scenario introduced
by EUROCONTROL [37]. In this scenario aircraft will fly in a less structured airspace with better planned trajectories, more aware of the system’s capacity and to the requests of the aircraft
owners. In all these studies our model could give helpful insights on which modifications of the
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current system really yield an improvement of safety and performances of flights and which
may lead to more instability.

Supporting Information
S1 File.
(PDF)

Acknowledgments
The work was co-financed by EUROCONTROL on behalf of the SESAR Joint Undertaking in
the context of SESAR Work Package E, project ELSA and Complex World Network PhD. The
paper reflects only the authors’ views. EUROCONTROL is not liable for any use that may be
made of the information contained therein. VDPS acknowledges the EU FP7 Grant 611272
(project GROWTHCOM) and CNR PNR Project “CRISIS Lab” for financial support. We acknowledge S. Pozzi, V. Beato and M. Ducci of Deep Blue S.R.L. [38] for interesting discussions.

Author Contributions
Analyzed the data: BM. Wrote the paper: BM VDPS VL. Designed the model: BM VDPS VL.
Performed the simulations: BM.

References
1.

EUROCONTROL. Long-Term Forecast; 2010. Accessed: 2014-10-20. http://www.eurocontrol.int/
statfor.

2.

Joint Economic Committee of US Congress. Our flight has been delayed again: Flight delays cost passengers, airlines and the U.S. economy billions; 2008. Accessed: 2014-10-20. http://www.jec.senate.
gov.

3.

EUROCONTROL. Accessed: 2014-10-20. http://www.eurocontrol.int/.

4.

EUROCONTROL. Annual Safety Report; 2012. Accessed: 2014-10-20. http://www.eurocontrol.int/
publications/annual-safety-report-2012.

5.

Vespignani A. Predicting the Behavior of Techno-Social Systems. Science. 2009; 325(5939):425–428.
Available from: http://www.sciencemag.org/content/325/5939/425.abstract. doi: 10.1126/science.
1171990 PMID: 19628859

6.

Pande VS, Grosberg AY, Tanaka T. Heteropolymer freezing and design: Towards physical models of
protein folding. Rev Mod Phys. 2000 Jan; 72:259–314. doi: 10.1103/RevModPhys.72.259

7.

Castellano C, Fortunato S, Loreto V. Statistical physics of social dynamics. Rev Mod Phys. 2009 May;
81:591–646. doi: 10.1103/RevModPhys.81.591

8.

Helbing D. Traffic and related self-driven many-particle systems. Reviews of modern physics. 2001; 73
(October):1067–1141. doi: 10.1103/RevModPhys.73.1067

9.

Eisenblätter B, Santen L, Schadschneider A, Schreckenberg M. Jamming transition in a cellular automaton model for traffic flow. Physical Review E. 1998; 57(2):1309. doi: 10.1103/PhysRevE.57.1309

10.

Blue VJ, Adler JL. Emergent fundamental pedestrian flows from cellular automata microsimulation.
Transportation Research Record: Journal of the Transportation Research Board. 1998; 1644(1):29–36.
doi: 10.3141/1644-04

11.

Helbing D, Molnar P. Social force model for pedestrian dynamics. Phys Rev E. 1995; 51(5):4282. doi:
10.1103/PhysRevE.51.4282

12.

Vespignani A. Modelling dynamical processes in complex socio-technical systems. Nat Phys. 2011; 8
(1):32–39. doi: 10.1038/nphys2160

13.

Balcan D, Colizza V, Gonçalves B, Hu H, Ramasco JJ, Vespignani A. Multiscale mobility networks and
the spatial spreading of infectious diseases. PNAS. 2009; 106(51):21484–21489. doi: 10.1073/pnas.
0906910106 PMID: 20018697

14.

Pastor-Satorras R, Vespignani A. Epidemic spreading in scale-free networks. Phys Rev Lett. 2001; 86
(14):3200. doi: 10.1103/PhysRevLett.86.3200 PMID: 11290142

PLOS ONE | DOI:10.1371/journal.pone.0125546 May 20, 2015

14 / 15

Congestion Transition in Air Traffic Networks

15.

Pastor-Satorras R, Vespignani A. Epidemic dynamics and endemic states in complex networks. Phys
Rev E. 2001; 63(6):066117. doi: 10.1103/PhysRevE.63.066117

16.

Colizza V, Barrat A, Barthélemy M, Vespignani A. The role of the airline transportation network in the
prediction and predictability of global epidemics. PNAS. 2006; 103(7):2015–2020. doi: 10.1073/pnas.
0510525103 PMID: 16461461

17.

Lacasa L, Cea M, Zanin M. Jamming transition in air transportation networks. Phys A: Stat Mech and its
Appl. 2009; 388(18):3948–3954. doi: 10.1016/j.physa.2009.06.005

18.

Amor SB, Huy TD, Bui M. A percolation based model for atc simulation. In: RIVF; 2006. p. 17–22.

19.

Amor S, Tran D, Bui M. Investigating air traffic control dynamics using random cellular automata. In: 5th
EUROCONTROL Innovative Research Workshop & Exhibition, 2006; 2006. p. 145. http://www.
sesarinnovationdays.eu/.

20.

Fleurquin P, Ramasco JJ, Eguiluz VM. Systemic delay propagation in the US airport network. Sci Rep.
2013; 3:1159. doi: 10.1038/srep01159 PMID: 23362459

21.

Janić M. Modeling the large scale disruptions of an airline network. Journal of transportation engineering. 2005; 131(4):249–260. doi: 10.1061/(ASCE)0733-947X(2005)131:4(249)

22.

Cardillo A, Zanin M, Gómez-Gardeñes J, Romance M, del Amo AJG, Boccaletti S. Modeling the multilayer nature of the European Air Transport Network: Resilience and passengers re-scheduling under
random failures. The European Physical Journal Special Topics. 2013; 215(1):23–33. doi: 10.1140/
epjst/e2013-01712-8

23.

Bongiorno C, Gurtner G, Lillo F, Valori L, Ducci M, Monechi B, et al. An Agent Based Model of Air Traffic
Management. In: Schaefer D, editor. Proceedings of the SESAR Innovation Days, EUROCONTROL,
2013; 2013. p. N40. http://www.sesarinnovationdays.eu/.

24.

Labovitz C, Ahuja A, Jahanian F. Experimental study of Internet stability and backbone failures. In:
Fault-Tolerant Computing, 1999. Digest of Papers. Twenty-Ninth Annual International Symposium on;
1999. p. 278–285.

25.

Nagurney A, Qiang Q. An efficiency measure for dynamic networks modeled as evolutionary variational
inequalities with application to the Internet and vulnerability analysis. NETNOMICS: Economic Research and Electronic Networking. 2008; 9(1):1–20. doi: 10.1007/s11066-008-9008-z

26.

Graham DJ. Routing in the brain. Front Comput Neurosci. 2014; 8:44. doi: 10.3389/fncom.2014.00044
PMID: 24782752

27.

Quattrociocchi W, Caldarelli G, Scala A. Self-Healing Networks: Redundancy and Structure. PLoS
ONE. 2014 02; 9(2):e87986. doi: 10.1371/journal.pone.0087986 PMID: 24533065

28.

Woolley-Meza O, Grady D, Thiemann C, Bagrow JP, Brockmann D. Eyjafjallajökull and 9/11: The Impact of Large-Scale Disasters on Worldwide Mobility. PLoS ONE. 2013 08; 8(8):e69829. doi: 10.1371/
journal.pone.0069829 PMID: 23950904

29.

Boccaletti S, Bianconi G, Criado R, Del Genio C, Gómez-Gardeñes J, Romance M, et al. The structure
and dynamics of multilayer networks. Physics Reports. 2014; 544(1):1–122. doi: 10.1016/j.physrep.
2014.07.001

30.

Lillo F, Micciche S, Mantegna R, Beato V, Pozzi S. ELSA Project: Toward a complex network approach
to ATM delays analysis. sesarinnovationdayseu. 2011;(December):1–7.

31.

EUROCONTROL. Demand Data Repository Reference Manual; 2010.

32.

Cai KQ, Zhang J, Du WB, Cao XB. Analysis of the Chinese air route network as a complex network.
Chinese Physics B. 2012 Feb; 21(2):028903. Available from: http://stacks.iop.org/1674-1056/21/i=2/a=
028903?key = crossref.cc3a8134e5780a21d27011399b09e250. doi: 10.1088/1674-1056/21/2/028903

33.

Gurtner G, Vitali S, Cipolla M, Lillo F, Mantegna RN, Miccichè S, et al. Multi-Scale Analysis of the European Airspace Using Network Community Detection. PLoS ONE. 2014 05; 9(5):e94414. doi: 10.1371/
journal.pone.0094414 PMID: 24809991

34.

Monechi B, Servedio VD, Loreto V. An Air Traffic Control Model Based Local Optimization over the Airways Network. In: Schaefer D, editor. Proceedings of the SESAR Innovation Days EUROCONTROL;
2014.

35.

Fleurquin P, Ramasco JJ, Eguiluz VM. Data-driven modeling of systemic delay propagation under severe meteorological conditions. In: Proceedings of the 10th USA/Europe Air Traffic Management R&D
Seminar, Chicago, USA, 2013.; 2013. ArXiv:1308.0438 [physics.soc-ph].

36.

Swinbank R, James Purser R. Fibonacci grids: A novel approach to global modelling. Quarterly Journal
of the Royal Meteorological Society. 2006; 132(619):1769–1793. doi: 10.1256/qj.05.227

37.

EUROCONTROL. SESAR, Definition of the future atm target concept—d3. EUROCONTROL; 2007.

38.

DeepBlue. Accessed: 2014-10-20. http://www.dblue.it/.

PLOS ONE | DOI:10.1371/journal.pone.0125546 May 20, 2015

15 / 15

