www.nature.com/scientificreports

OPEN

Received: 26 March 2018
Accepted: 1 June 2018
Published: xx xx xxxx

The joint influence of competition
and mutualism on the biodiversity
of mutualistic ecosystems
Carlos Gracia-Lázaro
Yamir Moreno 1,4,5

1,4

, Laura Hernández

2

, Javier Borge-Holthoefer

3

&

In the past years, there have been many advances –but also many debates– around mutualistic
communities, whose structural features appear to facilitate mutually beneficial interactions and
increase biodiversity, under some given population dynamics. However, most approaches neglect the
structure of inter-species competition by adopting a mean-field perspective that does not deal with
competitive interactions properly. Here, we build up a multilayer network that naturally accounts
for mutualism and competition and show, through a dynamical population model and numerical
simulations, that there is an intricate relation between competition and mutualism. Specifically, the
multilayer structure is coupled to a dynamical model in which the intra-guild competitive terms are
weighted by the abundance of shared mutualistic relations. We find that mutualism does not have the
same consequences on the evolution of specialist and generalist species, and that there is a non-trivial
profile of biodiversity in the parameter space of competition and mutualism. Our findings emphasize
how the simultaneous consideration of positive and negative interactions derived from the real
networks is key to understand the delicate trade-off between topology and biodiversity in ecosystems
and call for the need to incorporate more realistic interaction patterns when modeling the structural
and dynamical stability of mutualistic systems.
Since the work of May1, which triggered the complexity-stability paradox, ecosystems research has been continuously enriched by the introduction of new paradigms aiming at understanding which mechanisms allow large and
complex ecosystems to be stable2. While several works focus on the effect of only one type of interaction3–6, May’s
study, which describes the ecosystem by means of a linear random matrix interaction model in which positive and
negative ties are allowed, clearly stated the interest for hybrid models. Thereafter, several works have explored the
joint effect of competitive or antagonistic and mutualistic interactions7–9. On the other hand, observations of natural mutualistic ecosystems evidenced that interaction patterns were far from being random, displaying instead a
widespread signature called nestedness10–13. This particular order arises when the focus is placed on interactions,
leading to a new paradigm under the light of network theory. Most often these networks are bipartite, as in the
frequently studied cases of plant-pollinator (or plant-seed dispersers) systems. The two disjoint sets of vertices of
such network, correspond to plant species and pollinator (or seed-dispersers) species, and the links which stand
for the mutualistic interactions, only connect vertices of different kind14–17.
Such network is said to be nested when the contacts of a species of a given degree are a subset of the contacts of
all the species of higher degree. Thus a nested system is composed of specialist and generalist species of two guilds
(having a small and a large number of inter-guild interactions, respectively, see Fig. 1a,b), with specialist-specialist
interactions being rare. The ubiquitous character of nestedness in mutualistic ecosystems prompted a new debate
about its origin and its role in the preservation of biodiversity, which is still open18–21. In particular, it led to a
reconsideration of May’s ideas towards structure-sensitive dynamics. As a result, it is now generally accepted
that structure (nestedness) and dynamics (as given by the persistence or biodiversity of species) of mutualistic
ecosystems are intimately connected17.
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Figure 1. Multilayer mutualistic network. Panel (a) illustrates a mutualistic system made up by plant and
animal species. In this representation, mutualistic interactions are given by the inter-connections among
the elements of a bipartite graph, as shown in panel (b) for a synthetic network. Generalists have a higher
connectivity than specialists. This representation does not account for intra-guild interactions. Panel (c)
illustrates the multilayer approach proposed here for the ecosystem of plants and animals of panel (b), which
consists of 4 species of each guild. In this framework, each layer represents one guild and an intra-layer link
exists whenever two species of the same guild share the same species of the other guild. These links represent
the competition among species of the same guild that are mediated by the mutualistic connections. These two
layers are coupled by the mutualistic interactions given by the bipartite graph. Finally, in panel (d) we depict the
adjacency matrix of the whole system, including both plant-plant and animal-animal competitive interactions
(elements of the diagonal blocks in red) in addition to the usual mutualistic links (elements of the off-diagonal
blocks in blue).

While the bipartite network representation of the system is ahead of any random structure assumption, it still
deals with only one type of interaction, mutualism, leaving aside intra-guild competitive links. To overcome this
problem, intra-guild competition was introduced via a mean field approximation17 (MF). In this framework, each
species of a given guild is assumed to interact equally with all the others in the same guild. Thus, far from being
a parsimonious hypothesis, the MF approach actually involves a very strong one: every species interacts with all
the others, and with the same strength, thus ignoring competitive interactions that are mediated by species of
the other guild (i.e., plant-plant interactions mediated by a shared pollinator and vice versa). It is well known in
Physics that considering a fully connected network is equivalent to the statistical treatment of one single element
under the effect of a field that accounts for the average interaction created by all the others, leading to a description that underestimates the entropy of the system22.
In order to explore the relationship between structure and dynamics, it is then imperative to properly deal
with both positive (mutualistic) and negative (competitive) interactions in a way that naturally allows to plug
dynamical population models in. To this end, the recently developed framework of multilayer networks23 provides a straightforward representation of the system, allowing to encode both kinds of interaction within a unique
topological representation. In fact, this framework has been successfully applied in problems as diverse as percolation of interdependent systems24, diffusion processes25 and disease spreading26,27 as well as to study transportation systems28 and evolutionary game dynamics29. In particular, mutualistic ecosystems fit naturally in a
structure consisting of two layers, each one containing nodes of a different guild, with intra-layer links representing competitive interactions between species of the same guild, and the nodes of different layers being coupled
by inter-guild mutualistic interactions –what technically corresponds to a network of networks30–, see Fig. 1c.
This allows us to study, analytically and numerically, how the biodiversity of the system varies as a function of the
intensities of mutualism and competition in the system.
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The model

In order to build model that treats the intra-guild competition beyond the mean field approximation, it is essential to focus on the possible sources of heterogeneity affecting such competition. Species of the same guild compete for abiotic resources, like water, soil nutrients, light, etc. This competition may well be approximated by a
mean field term affecting all the species of a each guild, on average, in the same manner. However, when it comes
to competition for the services furnished by counterparts (either pollination services or food), it is easy to understand that heterogeneities may become important. For example it is clear that two plant species pollinated by two
disjoint sets of pollinators do not compete for pollination services at all. Moreover, it is important to notice that
the competition between two given species is not symmetric. Let us consider two plant species that share the same
pollinator, one being a generalist and the other a specialist. It is clear that the latter will be more affected than the
former, because it needs to share its only resource while the generalist may compensate by the services furnished
by its other counterparts.
Interestingly, the necessary information is partially encoded in the bipartite matrix: the projections onto the
animals and plant subspaces yield two hidden weighted networks that reveal the existent intra-guild interactions,
see Fig. 1c. In other words, two plant (animal) species will be connected (competing) in the corresponding plant
(animal) layer if they share at least one pollinator (plant). In this way we are able to model inter-species competition beyond the mean-field approach, i.e., considering the actual architecture of intra-layer interactions, and
thus integrating the necessary (though not sufficient) condition of niche overlap. This is a more realistic scenario
for competition (with respect to mean field), i.e., it restricts the competitive term to those species with non-zero
niche overlap. As such, it mitigates competition overestimation; but it does not eliminate it completely, e.g. species
of the same guild, with niche overlap which do not overlap in time would actually have an even lower competition. Finally, the two layers are coupled by the mutualistic interactions, see Fig. 1c,d. All this information is coded
in the multilayer adjacency matrix (Fig. 1d). In this way, the multilayer representation takes into account the two
aspects of the interaction in mutualistic ecosystems, the benefit obtained by species of different guilds, along with
the intra-guild competition that arises when two species share the same counterparts.
We next investigate the influence of the network structure on the persistence of species of the mutualistic
ecosystem. The main point of interest is whether the competitive interactions, as given by the multilayer topology,
actually convey substantive dynamical changes. To this end, and in order to compare with previous results, we
implement a population dynamical model that builds on the one introduced by Bastolla et al.17, where we explicitly introduce the multilayer architecture. We study the variation of biodiversity (e.g., the number of species at the
steady state of the population dynamics) on a set of large real mutualistic communities31–43 (see Tables S1–S2 and
Fig. S4 in the Supplementary Information).
Let’s assume that the mutualistic community consists of N P species of plants and N A species of animals (pollinators or seed-dispersers); the biodiversity is denoted by N = N P + N A. We denote by siP the abundance of the
plant species i, and by α iP its intrinsic growth rate. Similarly, animals’ parameters and variables are represented by
the superscript A. The mutualistic relationships (inter-layer connections) are given by a rectangular N P × N A
matrix, K , with Kik = 1 if animal species k pollinates the plant species i, and Kik = 0 otherwise. The total abundance of the pollinators of a given plant species i is thus MiP = ∑k∈ AKikskA. On the other hand, the intra-layer
relationships represent the resources that are shared by species of the same guild. Therefore, the abundance of the
pollinators shared by two plant species i, j is WijP = ∑k∈ AKikKjkskA. Finally, the relative abundance of a given plant
i evolves according to:
s PWijP
MiP
1 dsiP
P
P P
P ∑ j ∈ P ,i≠j j
=
α
−
β
−
β
+ γ0P
s
i
i i
0
P
P
si dt
Mi
1 + hP γ0PMiP

(1)

The first term of this equation represents the intrinsic growth of the abundance of species i without considering saturation and the second term refers to the intra-specific competition term (saturation), which can be interpreted in terms of a carrying capacity in the absence of competing species. The third term of equation 1 accounts
for the intra-guild, inter-specific competition (represented by the intra-layer links). Here, the competition
between two plant species (i, j) is weighted according to the relative importance of shared pollinators with respect
to the total abundance of pollinators of plant species i. Lastly, the fourth term in equation 1 gives the contribution
of mutualism to the abundance of plant species i, hP being the Holling term that imposes a limit to the mutualistic
effect. The intensities of competition and mutualism β0 and γ0 respectively, constitute the parameter space that we
investigate. The corresponding equation for the abundance of pollinators is equivalent to equation 1 but interchanging superscripts P by A and vice versa (see equation 3 in Methods).

Results

We numerically solve the system of equations describing the abundances of plants and animals (see Methods).
Figure 2 compares results obtained for the system’s biodiversity as a function of the intensities of mutualism and
competition. Left panels (a,c) correspond to the homogeneous case where the existing competition terms have the
same weight, regardless of the abundances of the shared counterparts. In other words, we have considered binary
projected matrices, which correspond to the situation where two species of the same guild compete with the same
intensity whenever they share at least one counterpart. This simplifies the second term of eq. 1, which becomes:
∼
Cij = − β0P ∑ sjPVij
j∈P
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Figure 2. Biodiversity as a function of the mutualism and intra-guild competition parameters. We show the
results obtained by numerically simulating the dynamical population model where the network’s structure
corresponds to two real mutualistic systems. The levels of biodiversity are shown as a function of the intensities
of mutualism and competition (the maxima being N = 719 for M-PL-044 and N = 266 for M-PL-048). The
color scale represents biodiversity, given by the number, N , of species present in the steady state. Left panels a
and c show the results obtained when the system evolves according to a dynamics that corresponds to the
simplified model given by eq. 2. Right panels b and d show the results obtained for the model corresponding to
eq. 1. We show results for two different real networks: M-PL-04437 in top panels a and b; and M-PL-04839 in
bottom panels c and d. The characteristics of these networks as well as more results for other networks are
presented in the Supplementary Information (Tables S1, S2 and Figs S1 to S3). These results correspond to the
following parameter values: intra-specific competition terms βiP = βkA = 5.0, growing terms α iP ∈ (0.9, 1.1),
αkA ∈ (0.9, 1.1) and Holling terms hP = h A = 0.1.

∼
where Vij = 1 if plant (animal) species i and plant (animal) species j share at least one pollinator (plant) and zero
otherwise. On the right panels the results shown correspond to the model given by eq. 1, where the topological
structured competition is weighted by the abundances of the shared counterparts. These models are implemented
on two real networks: M-PL-04437, with N = 719 species, in panels a and b; and M-PL-04839, with N = 266 species, in panels c and d. It clearly appears that when only the topology of the intra-guild layer is introduced in the
competition term, the persistence of biodiversity in the real systems does not depend on γ0. Conversely, when the
abundances of shared counterparts are taken into account, the region of structural stability depends, non-trivially,
on both parameters, γ0 and β0, (see also Figs S1–S3 in the Supplementary Information for results corresponding
to other real networks).
The results shown in Fig. 2 may appear counterintuitive. Indeed, if mutualistic interactions were to reduce
effective competition and increase biodiversity17, one should expect that the boundary separating the region
where all species survive (coded in red in Fig. 2) from the one where biodiversity diminishes (coded in blue in
Fig. 2) would behave as a monotonous growing curve, which is clearly not the case.
Figure 3 further illustrates this point. As expected, the biodiversity is a decreasing function of the competition
parameter (β0) in both settings when the mutualism intensity (γ0) is fixed (panels c and d). Note, additionally, that
in the case in which competition intensity is homogeneous, the persistence is independent of γ0, as also shown in
SCIenTIFIC Reports | (2018) 8:9253 | DOI:10.1038/s41598-018-27498-8
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Figure 3. Persistence of biodiversity. Top panels a and b show the fraction of species in the steady state as a
function of the intensity of mutualism for different constant values of the competition intensity β0.
Complementary, bottom panels (c and d), show the persistence of biodiversity as a function of the competition
intensity, for different values of fixed mutualism, γ0. Left panels a and c correspond to the bipartite
representation of the mutualistic systems, in which the competitive interactions are given by the simplified
model with homogeneous competition intensity; whereas right panels b and d show results obtained when the
dynamical population model is constrained by a multilayer network, thus properly accounting for the
competitive interactions weights. These results correspond to the network M-PL-044.

Fig. 2. Remarkably enough, when the relative weights are accounted for in the competition term, the same
decreasing behavior for the persistence of species is observed when the intensity of competition is kept constant
and the mutualistic parameter is increased, see panel b in Fig. 3, except for very low β0 values, where competition
may be neglected and biodiversity hardly varies with mutualism.
This paradoxical result is due to the joint action of the mutualistic and the inter-species competition terms,
which lead to differences in the way the abundance of generalist and specialist species evolve (see Methods for an
heuristic argument and section 5 of Supplementary Information). The selective influence of both mutualism and
competition on specialist and generalist species is illustrated in Fig. 4, where we represent the relative abundance
of the species as a function of the species’ connectivity and the intensities of mutualism (top panels, in which
competition is fixed) and competition (bottom panels, in which mutualism is fixed). The results are clear-cut: it
turns out that species with higher degrees remain relatively more abundant than those with lower degrees when
there is an increase of the strength of either mutualistic or competitive interactions. A similar paradoxical result,
where an increase of mutualism leads to a decrease of biodiversity has been observed in the system composed by
plants and mycorrhizal fungi44,45.
The results that come out from the approach adopted here unveil the important role played by the network
structure of the inter-species competition term on the biodiversity of the system. When this interaction is treated
homogeneously, biodiversity persists for any intensity of mutualism, as long as the inter-specific competition
remains under a certain value –the frontiers indicating the loss of biodiversity are vertical in panels a and c of
Fig. 2. On the contrary, when considering the network structure in the mutualistic and in the intra-guild competition term properly weighted by the shared resources of the competitors, the region of the parameters space where
the biodiversity persists depends non-trivially on the intensity of both. In other words, increasing the intensity of
mutualism (for a given network) does not necessarily increase biodiversity. Indeed, depending on the intensity
of competitive interactions, higher levels of mutualism are detrimental for the survival of the (specialist) species.
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Figure 4. Relative abundance of the species according to their connectivity, in the multilayer model. The results
shown here correspond to the evolution of the system according to equations 1 and 3, with the interaction terms
constrained by the real network M-PL-016 (left panels: pollinator species; right panels: plant species). Top
panels: The competition intensity parameter is fixed to β0 = 0.25, the color scale represents the relative
abundance of the different species, as a function of the mutualism parameter, γ0, and inter-layer connectivity.
Bot- tom panels: The mutualism interaction is fixed to γ0 = 0.25, the color scale represents the relative
abundance of the different species, as a function of the competition parameter β0 and interlayer connectivity.
The gaps on right panels correspond to non existing values of the plant’s degree. Animals (left panels) and plants
(right panels) have been ranked in ascending order of interlayer degree. The rest of parameters are the same as
in Fig. 1.

The results displayed in Figs 2–4 hold in different scenarios, which are developed in the Supplementary
Information. It is proved there (section 2) that results do not stem as a mere consequence of the heterogeneity
in the distribution of inter-species competition constant; they are a consequence of weighting the interaction by
the abundance of the shared resources, which reinforces the coupling of the equations. The SI (section 3) also
shows that results are robust against the size and the density of contacts of the mutualistic networks, and against
a wide range of values of the Holling constant, that controls the saturation of the mutualistic term (see Fig. S5 in
SI). Moreover, we have verified (section 4 of the SI and Fig. S6) that the inclusion of an extra inter-species competition term, representing abiotic competition sources (e.g. water or light), does not alter the observed behavior.
Hence, we conclude that this behavior is a consequence of the structure of the interactions. Noteworthy, our
findings challenge the idea that in mutualistic ecosystems, which present nested architectures, the mutualistic
interactions help to screen competition, thus enhancing biodiversity12,14,17,46,47. Within our model, this statement
is only roughly valid for weak competition levels, when increasing mutualism is not detrimental to biodiversity
(see Fig. 3).
However, our results do not imply that mutualism is not relevant in order to explain the existence of large
complex ecosystems. Instead, the careful treatment of the structure of the interactions provides a better understanding of the subtle trade-off between competition and mutualism. In ref.47 an indirect mechanism for cooperation via the interaction with a common counterpart was discussed. Here we show, in addition, that the asymmetry
of the competition term between a generalist and a specialist, induced by mutualism, favors the generalist species.
This explains why when the intensity of the mutualistic interactions increases, biodiversity may diminish through
an important loss of specialists species in favor of the increase of the population of the generalist ones. Moreover,
we have checked that our conclusions are indeed due to the structure of the inter-species competition term and
not to the fact that the intensity of this competition is just inhomogeneous. That is, one might think that similar
results could be obtained using heterogeneous intensities in a competition term of the form given by eq. 2. The
results (details can be found in section 2 of Supplementary Information) indicate that this heterogeneity is not
enough to reproduce the same patterns of biodiversity obtained when the model given by eq. 1 is considered.
Similar independent findings have been reported –though limited to the particular case of weak competition48.
In that work, as in the previously described test, the structure of the competition term is not taken into account;
instead each species compete with all the others within the same guild but with a random intensity of the interactions. Finally, we point out that the next interesting step would be to filter out competitive interactions that we
might still be overestimating. To this end, it is key to obtain and include more data regarding actual niche overlap
in space and time in real ecological networks. Ours is a first step towards this goal, and lay the groundwork for
more refinements.
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Conclusions

In summary, we have introduced a network representation for mutualistic systems that further exploits the information encoded in the bipartite mutualistic graph. We have shown that this multilayer network better displays
the structure of both mutualistic and competitive interactions among species within a unique representation.
Numerical simulations of a dynamical population model that is coupled to the data-driven multilayer architecture
revealed that biodiversity persistance is not just a consequence of the screening of competition by mutualism, as
previously reported17,46. Instead, our results show that the network topology induces a complex trade-off between
mutualism and competition, which differently affect species according to their degree. Strikingly, we have shown
that, contrary to what one would have expected, when the level of competition is high, the biodiversity of the system is higher for lower mutualistic intensities and indeed, increasing mutualism maybe detrimental for the species persistence. In light of the present results, there are a number of further questions that remain to be explored,
including whether there is an optimal value of mutualism (and competition) at which the system maximizes
biodiversity and its dependency with the nestedness of the system. Considering the approach introduced here
would helpfully provide more realistic grounds to tackle these and related challenges.

Methods

Equation for species A.

The dynamical equation that describes the evolution of the abundance of animal
species i is equivalent to equation 1 in the main text, i.e.,
s AW A
MkA
∑
1 dskA
= αkA − βkAskA − β0A l∈ A , k≠lA l kl + γ0A
A
sk dt
1 + h Aγ0AMkA
Mk

(3)

Numerical simulations of the model. We numerically solve the system of equations 1 and 3, using the
matrices Kik that correspond to 14 different real systems31–43 (see Tables S1 and S2 in the Supplementary
Information). Each simulation starts from random initial conditions of the relative abundances that are taken at
random from a uniform distribution between 0.05 and 0.95. Following refs17,46 we take the values of α iP , A from a
uniform distribution in the interval [0.9, 1.1], the intra-species competition is fixed to βjP , A = 5 and the Holling
term is hP , A = 0.1. With these parameters, we study the system varying the value of the intensity of the
inter-species competition and mutualistic terms, β0P (A) and γ0(P )A, respectively. For simplicity, we assumed that all
the intervening parameters take the same values for plants and animals. Finally, the system is considered to have
achieved equilibrium when all the species’ frequencies remain constant. A species is considered to have gone
extinct when its relative abundance is lower than 10−9. Each point of Figs 2–4 correspond to 100 simulations with
different initial conditions in the abundances and α iP , A.
Evolution of the abundance of generalist and specialist species.

In order to understand how the
population dynamics of generalists and specialists is affected by mutualistic and competitive terms, let us first
P
consider the effect of the mutualist term (the fourth term in equations 1 and 3). This term reads: Mi P , where
1 + δMi

δ = hγ0. As MiP is larger for generalists than for specialists, the increasing rate of the former is stronger than that
of the latter. In other words, this term favours the increase of generalists species with respect to specialists ones.
The analysis of the inter-species competition term (the third term of equations 1 and 3) is less straightforward. Let
us compare the behavior of this term for a generalist and a specialist plant species, of relative abundances s1P and
s2P , respectively, in the particular case where the specialist interacts with only one animal species, l , of abundance
slA. This means that K2k = δkl and M2P = slA. In this extreme case, it is very easy to see that the competing term
that enters in equation 1 for species 2 reads:

 P
C 2 = β0P
s1 +






sjPKjl


j ∈ P , j ≠ 1,2



∑

(4)

where the first term corresponds to its competition with the generalist species 1, and the second term stands for
the competition with all the other plant species that share the same pollinator, l , of abundance slA. The corresponding competition term for the generalist 1 is
C1 = β0P


 ∑k∈ AK1kKjkskA 


sjP

A 

K1ksk 
∑
j ∈ P ,j ≠1 
k
A

∈



∑

(5)

where the factor between braces is α j ≤ 1. The latter expression can be rewritten as:

C1 = β0Ps2Pα 2 +




sjPα j 

j ∈ P , j ≠ 1,2


∑

(6)

The second term of equation 6, which may include other generalist plants (those that grow faster with γ0), is
reduced by the factors α j ≤ 1, and in general C 2 > C1. Therefore, we can then expect that this unbalance in the
corresponding competition terms becomes a supplementary advantage for the generalists, thus reinforcing their
growth rate. A similar analysis to estimate the relative importance of the competition term can be done using the
properties of projected matrices (see section 5 of Supplementary Information)49.
SCIenTIFIC Reports | (2018) 8:9253 | DOI:10.1038/s41598-018-27498-8

7

www.nature.com/scientificreports/

References

1. May, R. M. Will a Large Complex System be Stable. Nature 238, 413–414 (1972).
2. McCann, K. S. The diversity-stability debate. Nature 405, 228–233 (2000).
3. Neutel, A.-M., Heesterbeek, J. A. P. & de Ruiter, P. C. Stability in Real Food Webs: Weak Links in Long Loops. Science 296, 1120–1123
(2002).
4. Rejmánek, M. & Starý, P. Connectance in real biotic communities and critical values for stability of model ecosystems. Nature 280,
311–313 (1979).
5. Pimm, S. L. & Lawton, J. H. On feeding on more than one trophic level. Nature 275, 542–544 (1978).
6. Pimm, S. L. The complexity and stability of ecosystems. Nature 307, 321–326 (1984).
7. Mougi, A. & Kondoh, M. Stability of competition-antagonism-mutualism hybrid community and the role of community network
structure. J. Theor. Biol. 360, 54–58 (2014).
8. Mougi, A. & Kondoh, M. Diversity of Interaction Types and Ecological Community Stability. Science 337, 349–351 (2012).
9. Suweis, S., Grilli, J. & Maritan, A. Disentangling the effect of hybrid interactions and of the constant effort hypothesis on ecological
community stability. Oikos 123, 525–532 (2014).
10. Jordano, P., Bascompte, J. & Olesen, J. M. Invariant properties in coevolutionary networks of plant-animal interactions. Ecol. Lett. 6,
69–81 (2003).
11. Bascompte, J., Jordano, P., Melián, C. J. & Olesen, J. M. The nested assembly of plant-animal mutualistic networks. Proc. Natl. Acad.
Sci. USA 100, 9383–9387 (2003).
12. Bascompte, J., Jordano, P. & Olesen, J. M. Asymmetric coevolutionary networks facilitate biodiversity maintenance. Science 312,
431–433 (2006).
13. Fortuna, M. A. et al. Nestedness versus modularity in ecological networks: two sides of the same coin? J. Anim. Ecol. 79, 811–817
(2010).
14. Okuyama, T. & Holland, J. N. Network structural properties mediate the stability of mutualistic communities. Ecol. Lett. 11, 208–216
(2008).
15. Thébault, E. & Fontaine, C. Stability of Ecological Communities and the Architecture of Mutualistic and Trophic Networks. Science
329, 853–856 (2010).
16. Olesen, J. M., Bascompte, J., Dupont, Y. L. & Jordano, P. The modularity of pollination networks. Proc. Natl. Acad. Sci. USA 104,
19891–19896 (2007).
17. Bastolla, U. et al. The architecture of mutualistic networks minimizes competition and increases biodiversity. Nature 458, 1018–1020
(2009).
18. James, A., Pitchford, J. W. & Plank, M. J. Disentangling nestedness from models of ecological complexity. Nature 487, 227–230
(2012).
19. Jonhson, S., Domínguez-García, V. & Muñoz, M. A. Factors Determining Nestedness in Complex Networks. PlosOne 8, e74025
(2013).
20. Saavedra, S. & Stouffer, D. B. Disentangling nestedness disentangled. Nature 500, 7463 (2013).
21. Staniczenko, P., Kopp, J. C. & Allesina, S. The ghost of nestedness in ecological networks. Nature Comm. 4, 1391 (2013).
22. Stanley, E. H. Introduction to phase transition and Critical Phenomena. Part III, Chapter 6, (Clarendon Press, Oxford, 1971) (or any
elementary book in Statistical Mechanics or Theory ofPhase Transitions).
23. Kivelä, M. et al. MultilayerNetworks. J. Complex Netw. 2, 203 (2014).
24. Baxter, G. J., Dorogovtsev, S. N., Goltsev, A. V. & Mendes, J. F. F. Avalanche collapse of interdependent networks. Phys. Rev. Lett.
109(24), 248701 (2012).
25. Gómez, S. et al. Diffusion dynamics on multiplex networks. Phys. Rev. Lett. 110, 028701 (2013).
26. Sanz, J., Xia, C.-Y., Meloni, S. & Moreno, Y. Dynamics of interacting diseases. Phys. Rev. X 4, 041005 (2017).
27. de Arruda, G. F., Cozzo, E., Peixoto, T. P., Rodrigues, F. A. & Moreno, Y. Disease Localization in MultilayerNetworks. Phys. Rev. X 7,
011014 (2017).
28. Gallotti, R. & Barthélemy, M. Anatomy and efficiency of urban multimodal mobility. Sci. Rep. 4, 6911 (2014).
29. Wang, Z., Wang, L., Szolnoki, A. & Perc, M. Evolutionary games on multilayer networks: A colloquium. Eur. Phys. J. B 88(5), 124
(2015).
30. Pilosof, S., Porter, M. A., Pascual, M. & Kéfi, S. The multilayer nature of ecological networks. Nature Ecology and Evolution 1, 0101
(2017).
31. Clements, R. E. & Long, F. L. Experimental pollination: An outline of the ecology of flowers and insects. (Carnegie Institution of
Washington, Washington, DC., USA, 1923).
32. Olesen, J. M., Eskildsen, L. I. & Venkatasamy, S. Invasion of pollination networks on oceanic islands: importance of invader
complexes and endemic super generalists. Diversity and Distributions 8(3), 181–192 (2002).
33. Herrera, J. Pollination relationships in southern Spanish Mediterranean shrublands. J. Ecol. 76, 274–287 (1988).
34. Medan, D. et al. Plant-pollinator relationships at two altitudes in the Andes of Mendoza, Argentina. Arctic, Antarctic, and Alpine
Research 34(3), 233–241 (2002).
35. Ramirez, N. & Brito, Y. Pollination biology in a palm swamp community in the Venezuelan Central Plains. Botanical Journal of the
Linnean Society 110(4), 277–302 (1992).
36. Schemske, D. W. et al. Flowering ecology of some spring woodland herbs. Ecology 59(2), 351–366 (1978).
37. Kato, M. Anthophilous insect community and plant-pollinator interactions on Amami Islands in the Ryukyu Archipelago, Japan.
Contributions from the Biological Laboratory, Kyoto University 29, 157–254 (2000).
38. Bundgaard, M. Tidslig og rumlig variation i et plante-bestøvernetværk (Doctoral dissertation, MSc. thesis, Aarhus University,
Aarhus. From Broadstone to Zackenberg 57) (2003).
39. Dupont, Y. L. & Olesen, J. M. Ecological modules and roles of species in heathland plant-insect flower visitor networks. J.Anim. Ecol.
78, 346–353 (2009).
40. Kakutani, T., Inoue, T., Kato, M. & Ichihashi, H. Insect-flower relationship in the campus of Kyoto University, Kyoto: an overview of
the flowering phenology and the seasonal pattern of insect visits. Contributions from the Biological Laboratory, Kyoto University 27,
465 (1990).
41. Kato, M. et al. Flowering phenology and anthophilous insect community in the cool-temperate subalpine forests and meadows at
Mt. Kushigata in the central part of Japan. Contributions from the Biological Laboratory, Kyoto University 28, 119 (1993).
42. Wheelwright, N. T., Haber, W. A., Murray, K. G. & Guindon, C. Tropical fruit-eating birds and their food plants: a survey of a Costa
Rican lower montane forest. Biotropica 16, 173–192 (1984).
43. Silva, W., de Marco, P. J., Hasui, E. & Gomes de Moto, V. S. Patterns of fruit-frugivores interactions in two Atlantic Forest bird
communities of South-eastern Brazil: implications for conservation. Pp. 423–435. In: D. J. Levey, W. R. Silva and M. Galetti (eds)
Seed Dispersal and Frugivory: Ecology, Evolution and Conservation (CABI, 2002).
44. James, D. Bever, Negative feedback within a mutualism:host-specific growth of mycorrhizal fungi reduces plant benefit. Proc. R.Soc.
Lond. B 269, 2595–2601 (2002).
45. James, D. Bever Host-specificity of AM fungal population growth rates can generate feedback on plant growth. Plant and Soil 244,
281–290 (2002).
46. Rohr, R. P., Saavedra, S. & Bascompte, J. On the structural stability of mutualistic systems. Science 345, 1253497 (2014).

SCIenTIFIC Reports | (2018) 8:9253 | DOI:10.1038/s41598-018-27498-8

8

www.nature.com/scientificreports/
47. Sugihara, G. & Ye, H. Complex systems: Cooperative network dynamics. Nature 458, 979–980 (2009).
48. Pascual-García, A. & Bastolla, U. Mutualism supports biodiversity when the direct competition is weak. Nature Comm. 8, https://
doi.org/10.1038/ncomms14326, (2016).
49. Almeida-Neto, M., Guimarães, P., Guimarães, P. R., Loyola, R. D. & Ulrich, W. A consistent metric for nestedness analysis in
ecological systems: reconciling concept and measurement. Oikos 117(8), 1227–1239 (2008).

Acknowledgements

C. G.-L. and Y. M. acknowledge support from the Government of Aragón, Spain through a grant to the group
FENOL and by MINECO and FEDER funds (grant FIS2017-87519-P). L.H. acknowledges support of LABEX
MME-DII (ANR11-LBX-0023-01).

Author Contributions

C.G.-L., L.H. and Y.M. designed research. C.G.-L. and J.B.-H. performed research, C.G.L., L.H., J.B.-H. and Y.M.
analyzed the results, C.G.L., L.H., J.B.-H. and Y.M. wrote the paper. All authors approved the final version.

Additional Information

Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-018-27498-8.
Competing Interests: The authors declare no competing interests.
Publisher's note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and
institutional affiliations.
Open Access This article is licensed under a Creative Commons Attribution 4.0 International
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or
format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons license, and indicate if changes were made. The images or other third party material in this
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the
material. If material is not included in the article’s Creative Commons license and your intended use is not permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
© The Author(s) 2018

SCIenTIFIC Reports | (2018) 8:9253 | DOI:10.1038/s41598-018-27498-8

9

